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Study from January 2009 - April 2010: 
  
• 6,701,406 HITs total  
• 165,368 HIT groups  
• 9,436 requesters  
• $529,259 worth of rewards 



How big is the market?

Volume of rewards over past 5 years

http://www.mturk-tracker.com

http://www.mturk-tracker.com/


XRDS 17

Following this approach, we could 
find the new HITs being posted over 
time, the completion rate of each HIT, 
and the time that they disappear from 
the market because they have either 
been completed or expired, or because 
a requester canceled and removed 
the remaining HITs from the market. 
(Identifying expired HITs is easy, as 
we know the expiration time of a HIT. 
Identifying cancelled HITs is a little 

completion rate of a HIT over time and 
see if it is likely, at the time of disap-
pearance, for the remaining HITs to 
have been completed within the time 
since the last crawl.) 

A shortcoming of this approach is that 
it cannot measure the redundancy of the 
posted HITs. So, if a single HIT needs to 
be completed by multiple workers, we 
can only observe it as a single HIT. 

The data are also publicly avail-
able through the website http://www.
mturk-tracker.com [1].

From January 2009 through April 
2010, we collected 165,368 HIT groups, 
with 6,701,406 HITs total, from 9,436 
requesters. The total value of the post-
ed HITs was $529,259. These numbers, 
of course, do not account for the redun-
dancy of the posted HITs, or for HITs 
that were posted and disappeared be-
tween our crawls. Nevertheless, they 
should be good approximations (with-
in an order of magnitude) of the activ-
ity of the marketplace.

TOP REQUESTERS AND  
FREQUENTLY POSTED TASKS
One way to understand what types of 
tasks are being completed in the mar-
ketplace is to find the “top” requesters 
and analyze the HITs that they post. 
Table 1 shows the top requesters, based 
on the total rewards of the HITs posted, 
filtering out requesters that were active 
only for a short period of time.

active requesters that post a significant 
amount of tasks in the marketplace 
and account for a large fraction of the 
posted rewards. Following our mea-
surements, the top requesters listed in 
Table 1 (which is 0.1 percent of the to-
tal requesters in our dataset), account 
for more than 30 percent of the overall 
activity of the market. 

Given the high concentration of the 

market, the type of tasks posted by 
the requesters shows the type of tasks 
that are being completed in the mar-
ketplace. Castingwords is the major 
requester, posting transcription tasks 
frequently. There are also two other 
semi-anonymous requesters posting 
transcription tasks as well. 

Among the top requesters we also 
see two mediator services, Dolores 
Labs (aka Crowdflower) and Smart-
sheet.com, who post tasks on Mechan-
ical Turk on behalf of their clients. 
Such services are essentially aggrega-
tors of tasks, and provide quality as-
surance services on top of Mechanical 
Turk. The fact that they account for ap-
proximately 10 percent of the market 
indicates that many users that are in-
terested in crowdsourcing prefer to use 
an intermediary that address the con-
cerns about worker quality, and also 
allow posting of complex tasks without 
the need for programming. 

-
questers use Mechanical Turk in order 
to create a variety of original content, 
from product reviews, feature stories, 
blog posts, and so on. (One requester, 
“Paul Pullen,” uses Mechanical Turk to 
paraphrase existing content, instead 
of asking the workers to create content 
from scratch.) Finally, we see that two 
requesters use Mechanical Turk in or-
der to classify a variety of objects into 
categories. This was the original task 
for which Mechanical Turk was used 
by Amazon. 

The high concentration of the mar-
ket is not unusual for any online com-
munity. There is always a long tail of 

participants that has significantly 
lower activity than the top contribu-
tors. Figure 1 shows how this activity 
is distributed, according to the value of 
the HITs posted by each requester. The 
x-axis shows the log2 of the value of 
the posted HITs and the y-axis shows 
what percentage of requesters has this 
level of activity. As we can see, the dis-

Table 1: Top Requesters based on the total posted rewards available to a single 
worker (January 2009–April 2010).
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Figure 1: Number of requesters vs. total 
rewards posted.

How big is the market?

• 1% of requesters 
account for 60% of 
rewards 

• 90% of HITs and 50% 
of HIT groups pay less 
than $0.10 

• 60% of HIT groups are 
completed in less than 
16 hours

Analyzing the MTurk Marketplace. Ipeirotis (2012)



high price only contain a single HIT, 
while the HITgroups with large num-
ber of HITs have a low price. Therefore, 
if we compute the distribution of HITs 
(not HITgroups) according to the price, 
we can see that 25 percent of the HITs 
created on Mechanical Turk have a 
price tag of just $0.01, 70 percent have a 
reward of $0.05 or less, and 90 percent 
pay less than $0.10. This analysis con-
firms the common feeling that most of 
the tasks on Mechanical Turk have tiny 
rewards. 

Of course, this analysis simply 
scratches the surface of the bigger 
problem: How can we automatically 
price tasks, taking into consideration 
the nature of the task, the existing 
competition, the expected activity level 
of the workers, the desired completion 
time, the tenure and prior activity of 
the requester, and many other factors? 
How much should we pay for an im-
age tagging task, for 100,000 images 
in order to get it done within 24 hours? 
Building such models will allow the 
execution of crowdsourcing tasks to 
become easier for people that simply 
want to “get things done” and do not 
want to tune and micro-optimize their 
crowdsourcing process.

POSTING AND SERVING PROCESSES

transactions? These are very common 
questions from people who are inter-
ested in understanding the size of the 
market and its demonstrated capacity 
for handling big tasks. (Detecting the 
true capacity of the market is a more 
involved task than simply measuring 
its current serving rate. Many workers 
may show up only when there is a sig-

nificant amount of work for them, and 
be dormant under normal loads.)

One way to approach such questions 
is to examine the task posting and task 
completion activity on AMT. By study-
ing the posting activity we can under-
stand the demand for crowdsourcing, 
and the completion rate shows how 
fast the market can handle the de-
mand. To study these processes, we 
computed, for each day, the value of 
tasks being posted by AMT requesters 
and the value of the tasks that got com-
pleted in each day.  

two processes (posting and comple-
tion), ignoring any dependencies on 
task-specific and time-specific factors. 
Figure 3 illustrates the distributions of 
the posting and completion process-
es. The two distributions are similar 
but we see that, in general, the rate of 
completion is slightly higher than the 
rate of arrival. This is not surprising 
and is a required stability condition. If 
the completion rate was lower than the 
arrival rate, then the number of incom-
plete tasks in the marketplace would 
go to infinity. 

rate is $1,040 per day and the median 
completion rate is $1,155 per day. If we 
assume that the AMT marketplace be-
haves like an M/M/1 queuing system, 
and using basic queuing theory, we can 
see that a task worth $1 has an average 
completion time of 12.5 minutes, re-
sulting in an effective hourly wage of 
$4.80.

Of course, this analysis is an over-
simplification of the actual process. 
The tasks are not completed in a first-
in, first-out manner, and the comple-
tion rate is not independent of the ar-

rival rate. In reality, workers pick tasks 
following personal preferences or by 
the AMT interface. For example Chil-
ton et al. [4] indicated that most work-
ers use two of the main task sorting 
mechanisms provided by AMT to find 
and complete tasks (“recently posted” 
and “largest number of HITs” orders). 
Furthermore, the completion rate is 
not independent of the arrival rate. 

-
able, more workers come to complete 
tasks, as there are more opportunities 
to find and work for bigger tasks, as op-

posed to working for one-time HITs. As 
a simple example, consider the depen-
dency of posting and completion rates 
on the day of the week. Figure 4 illus-
trates the results.

The posting activity from the re-
questers is significantly lower over the 
weekends and is typically maximized 
on Tuesdays. This can be rather eas-
ily explained. Since most requesters 
are corporations and organizations, 
most of the tasks are being posted dur-
ing normal working days. However, 
the same does not hold for workers. 
The completion activity is rather unaf-
fected by the weekends. The only day 
on which the completion rate drops is 
on Monday, and this is most probably 
a side-effect of the lower posting rate 
over the weekends. (There are fewer 
tasks available for completion on Mon-
day, due to the lower posting rate over 
the weekend.)

An interesting open question is to 
understand better how to model the 

for modeling call centers is related and 
can help us understand better the dy-
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Figure 2: Distribution of HITgroups and HITs according to HIT Price.

!

!

!

Figure 3: The distribution of the arrival 
and completion rate on the AMT mar-
ketplace, as a function of the USD ($) 
value of the posted/completed HITs.
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ketplace, as a function of the USD ($) 
value of the posted/completed HITs.
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Top requesters as of May 2015

How big is the market?

http://www.mturk-tracker.com

http://www.mturk-tracker.com/


Mechanical Turk

44%
56%

CrowdFlower

3%

26%

71%

Male Female Unspecified

Who is doing all this work for us?

Panos Ipeirotis’s site: http://demographics.mturk-tracker.com  
CrowdFlower blog: http://www.crowdflower.com/blog/2014/01/demographics-of-the-largest-on-demand-workforce

http://demographics.mturk-tracker.com
http://www.crowdflower.com/blog/2014/01/demographics-of-the-largest-on-demand-workforce


Mechanical Turk

6%

19%

75%

CrowdFlower

48%

4%4%4%4%
6%

12%

18%

US India UK Indonesia
Canada Philippines Pakistan Others

Who is doing all this work for us?



Mechanical Turk

1%4%
11%

23%

46%

15%

CrowdFlower

3%4%
8%

16%

35%

34%

25 or younger 25-35 35-45
45-55 55-65 65 or older

Who is doing all this work for us?



Mechanical Turk

6%
8%

8%

17%

23%
6%

10%

23%

CrowdFlower

6%4%
5%

7%

10%

11%
13%

45%

Less than 10K 10K-15K 15K-25K 25K-40K
40K-60K 60K-75K 75K-100K More than 100K

Who is doing all this work for us?



Mechanical Turk*

4%
15%

35%
8%

27%

11%

CrowdFlower

2%11%

25%

13% 16%

34%

High School Some College Associates Bachelors
Masters PhD

Who is doing all this work for us?

*Data is from 2010 and reflects only US workers 
http://www.behind-the-enemy-lines.com/2010/03/new-demographics-of-
mechanical-turk.html

http://www.behind-the-enemy-lines.com/2010/03/new-demographics-of-mechanical-turk.html


Why are they doing all this work for us?

*Data is from 2010 and reflects only US workers 

Mechanical Turk* CrowdFlower

Good way to spend free time and 
earn money (e.g. instead of TV)

As a primary source of income

As a secondary source of income/
pocket change

It is just so much fun!!



Considerations for the requester



• Mostly US workers 

• More flexibility with designing 
HITs, e.g. with Javascript 

• Quality control largely up to 
the requester (although not 
entirely) 
• Master Workers 
• Qualification tests 
• Custom qualifications 
• DYI embedded controls/

majority voting scheme

• Better international coverage 

• HIT designs are mostly plug-
and-play for requesters 

• Built in mechanisms for 
quality control = more quality, 
less control 
• Proprietary EM-style 

method for determine 
quality 

• Prices can be hard to 
predict 

• Limited to tasks that can 
be QCed this way
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